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ABSTRACT: The growing use of artificial intelligence in 
psychological support has positioned AI-assisted counseling as a 
promising approach to expand access, reduce stigma, and 
provide immediate support for students. However, counseling is 
fundamentally relational, requiring trust, self-disclosure, and 
therapeutic alliance to function effectively. This study 
investigated these three dimensions and their interrelationships 
in AI-assisted counseling among Indonesian university students. 
A cross-sectional field survey was conducted with 1,284 
undergraduate students from 12 universities across Indonesia. 
Data were collected using demographic questions, the Trust in 
AI-Assisted Counseling Scale (8 items), the Self-Disclosure in AI-
Assisted Counseling Scale (7 items), and the Therapeutic Alliance 
in AI-Assisted Counseling Scale (9 items), all rated on a 5-point 
Likert scale. The instruments demonstrated good reliability, with 
Cronbach’s alpha values of 0.88, 0.86, and 0.90, and were 
reviewed by three experts and pilot-tested with 92 students. 
Data were analyzed using descriptive statistics, Pearson 
correlation, and multiple regression. Students reported 
moderately positive levels of trust (M = 3.68, SD = 0.64), self-
disclosure (M = 3.39, SD = 0.71), and therapeutic alliance (M = 
3.57, SD = 0.62). Trust was positively associated with self-
disclosure and therapeutic alliance, and both variables jointly 
predicted therapeutic alliance. 

 
INTRODUCTION 

The development of artificial intelligence (AI) has brought major changes across various fields, 
including education, healthcare, and psychological support (Chen, 2024). In the context of mental 
health, AI-based systems such as chatbots, virtual assistants, and generative conversational 
platforms are increasingly viewed as tools capable of expanding access to services (H. Li, Zhang, et 
al., 2023), providing immediate initial support, and helping to overcome longstanding barriers such 
as stigma, cost, waiting time, and the limited availability of professionals. A growing body of 
research suggests that mental health chatbots have the potential to support psychoeducation, self-
reflection, emotion monitoring, and early intervention, particularly for adolescents and young 
adults who are familiar with digital technology (Haque & Rubya, 2023; Koulouri et al., 2022; Mitsea 
& Drigas, 2023). 

Nevertheless, the presence of AI in counseling cannot be understood merely as a technical 
innovation (Nazir, 2026; Ping, 2024). Counseling is fundamentally a relational process grounded in 
the quality of the helping relationship, psychological safety, trust, and the client’s willingness to 
disclose personal concerns (Podolan & Gelo, 2024). Therefore, a central question in the 
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development of AI-assisted counseling is not only whether AI can provide fast and accurate 
responses, but also whether it can be accepted within the relational dimension that lies at the core 
of counseling practice. The digital mental health literature shows that the effectiveness of digital 
interventions is determined not solely by technological features, but also by the quality of the 
relationship formed between users and the system, including what has been referred to as the 
digital therapeutic alliance (Lotringen et al., 2021; Tong et al., 2022; Tremain et al., 2020). 

In the traditions of counseling and psychotherapy, trust, disclosure, and therapeutic alliance 
are three closely interconnected elements (Krause et al., 2011). Trust serves as the foundation that 
allows clients to feel psychologically safe (Hunt et al., 2021; Seager, 2007). Self-disclosure enables 
problems, emotions, and personal experiences to be expressed more honestly (Wang et al., 2017). 
Therapeutic alliance, in turn, reflects the quality of collaboration, relational bonding, and shared 
understanding of the goals of help (Wampold & Flückiger, 2023). In AI-based services, these three 
elements become even more important because users interact with systems that do not possess 
full human presence. Several studies have shown that mental health chatbots can evoke perceptions 
of support and comfort, yet the quality of this experience is strongly shaped by users’ perceptions 
of empathy, safety, responsiveness, and system reliability (Chaudhry & Debi, 2024; Jung et al., 2025; 
Shen et al., 2024; Wang, 2025). 

This issue is particularly relevant among university students. As a group that intensively uses 
digital technology, students also face academic pressure, identity-related concerns, complex social 
relationships, and an increasing need for psychological support. Previous studies indicate that 
students perceive mental health chatbots as more accessible and less hindered by stigma than 
traditional services (Almaskari et al., 2025; Hoffman et al., 2024; Lawati et al., 2026; Miqdadi et al., 
2025; Rackoff et al., 2025). However, they also express concerns regarding privacy, response 
accuracy, emotional sensitivity, and AI’s capacity to genuinely understand human problems. This 
suggests that the acceptance of AI in mental health services is ambivalent: it offers accessibility, yet 
still raises important questions about the quality of the helping relationship that can be established. 

To date, most research on AI in mental health has focused on acceptance, usability, the 
general effectiveness of chatbots, or broad ethical and clinical evaluations. In contrast, studies that 
specifically examine the relational dynamics of AI-assisted counseling, particularly the relationships 
among trust, disclosure, and therapeutic alliance among university students, remain limited. Yet 
university students constitute a highly relevant population because they stand at the intersection 
of psychological support needs, high digital familiarity, and changing help-seeking patterns in the AI 
era. 

Against this backdrop, the present study offers novelty by positioning the relational dimension 
as the primary focus rather than merely examining technology acceptance. This study also 
simultaneously investigates the relationships among students’ trust in AI-assisted counseling, self-
disclosure, and perceptions of therapeutic alliance using a large field-based sample drawn from 
multiple universities across Indonesia. Accordingly, this study aims to: (1) describe students’ levels 
of trust, self-disclosure, and therapeutic alliance in the context of AI-assisted counseling; (2) 
examine the relationships among these three variables; and (3) analyze the contribution of trust 
and self-disclosure in predicting therapeutic alliance. This study proposes three hypotheses: H1, 
trust is positively associated with self-disclosure; H2, trust is positively associated with therapeutic 
alliance; and H3, trust and self-disclosure jointly predict therapeutic alliance. 

 
METHODS 
Research Design 

This study employed a cross-sectional field survey design to examine students’ trust, self-
disclosure, and therapeutic alliance in the context of AI-assisted counseling (Alqurashi, 2025; 
Spector, 2019). A cross-sectional approach was chosen because the study aimed to capture 
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students’ perceptions, attitudes, and behavioral tendencies at a specific point in time regarding the 
use of artificial intelligence in counseling interactions. 

The study was conducted as a multi-site field study involving students from public and private 
universities across various regions of Indonesia. This design was selected to enhance sample 
representativeness and to provide a broader picture of how Indonesian university students respond 
to the presence of AI in counseling services within higher education settings. 

The study focused on three main variables: students’ trust in AI-assisted counseling, students’ 
self-disclosure in AI-assisted counseling, and students’ perceptions of therapeutic alliance in AI-
assisted counseling settings. In addition, demographic data and prior experience with AI-based 
applications were collected to provide contextual background for the findings. To help readers 
understand the overall flow of the study, Figure 1 presents a summary of the research design, 
participant characteristics, instruments, data collection procedures, data analysis techniques, 
ethical considerations, and inclusion criteria used in this study. 

 
Participants 

The participants in this study were 1,284 undergraduate students recruited from 12 
universities in Indonesia, consisting of public universities, Islamic public universities, and private 
universities. The universities were selected to represent variation in institutional type, geographic 
region, and student background. Participants were drawn from universities located in Sumatra, Java, 
Kalimantan, Sulawesi, and Bali–Nusa Tenggara, thereby providing a more nationally representative 
picture. 

The inclusion criteria were as follows: (1) being an active undergraduate student at one of the 
participating universities; (2) being between 18 and 25 years old; (3) willingness to participate 
voluntarily; and (4) having at least basic exposure to digital applications, including prior use of or 
familiarity with AI-based platforms such as chatbots, virtual assistants, or generative AI. 
Respondents who submitted incomplete questionnaires or failed the response consistency 
screening were excluded from the final analysis. 

Of the 1,352 responses initially received, 68 responses were excluded due to incomplete data, 
uniform response patterns, or failure to meet the inclusion criteria. Thus, the final valid sample 
analyzed in this study consisted of 1,284 responses. The final sample included 487 male students 
(37.9%) and 797 female students (62.1%). The average age of participants was 20.41 years (SD = 
1.62), ranging from 18 to 25 years. In terms of year of study, participants ranged from first-year to 
fourth-year students, with the largest proportions coming from second- and third-year students. 
Regarding AI experience, 1,109 students (86.4%) reported having used AI-based applications, while 
175 students (13.6%) reported limited or no direct experience. 

 
Table 1. Distribution of Participants by University 

No. University Region Number of Participants Percentage 

1 Universitas Sriwijaya Sumatra 126 9.8 
2 Universitas Islam negeri Raden 

Fatah Palembang 
Sumatra 118 9.2 

3 Universitas PGRI Palembang Sumatra 94 7.3 
4 Universitas Negeri Semarang Java 168 13.1 
5 Universitas Negeri Malang Java 142 11.1 
6 Universitas PGRI Kanjuruhan 

Malang 
Java 136 10.6 

7 Universitas Mulawarman Kalimantan 96 7.5 
8 Universitas Lambung Mangkurat Kalimantan 82 6.4 
9 Universitas Negeri Makassar Sulawesi 104 8.1 
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10 Institut Agama Islam Negeri 
Kendari 

Sulawesi 88 6.9 

11 Universitas PGRI Mahadewa 
Indonesia 

Bali–Nusa 
Tenggara 

64 5.0 

12 Universitas Pendidikan Ganesha Bali–Nusa 
Tenggara 

66 5.1 

Total 
  

1,284 100.0 
Source: Authors’ own data based on a field survey of 1,284 undergraduate students from 12 universities in Indonesia. 

 
Table 2. Demographic Characteristics of Participants 

Variable Category N % 
Gender Male 487 37.9 

Female 797 62.1 
Age 18–19 years 356 27.7 

20–21 years 601 46.8 
22–23 years 267 20.8 
24–25 years 60 4.7 

Year of study First year 251 19.5 
Second year 382 29.8 
Third year 401 31.2 

Fourth year or above 250 19.5 
Experience using AI Yes 1,109 86.4 

No/Limited 175 13.6 
Source: Authors’ own data based on questionnaire responses from the study participants. 

 
Instruments 

Data were collected using a structured self-report questionnaire consisting of four sections: 
demographic information, the Trust in AI-Assisted Counseling Scale, the Self-Disclosure in AI-
Assisted Counseling Scale, and the Therapeutic Alliance in AI-Assisted Counseling Scale (Boateng et 
al., 2018). 

 
Demographic Information 

The first section gathered participants’ background information, including age, gender, year 
of study, type of university, university region, and previous experience with AI-based applications. 

 
Trust in AI-Assisted Counseling Scale 

Students’ trust in AI-assisted counseling was measured using an 8-item scale developed in this 
study based on conceptual dimensions including perceived reliability, psychological safety, 
responsiveness, and confidence in AI-supported counseling interactions. Example items included: “I 
believe that AI-assisted counseling can provide useful initial support for students’ personal problems” 
and “I feel that AI-based counseling tools can be trusted to provide consistent responses.” Each item 
was rated on a 5-point Likert scale, ranging from 1 (strongly disagree) to 5 (strongly agree). Higher 
scores indicated greater trust in AI-assisted counseling. In this study, the scale demonstrated good 
internal consistency, with a Cronbach’s alpha of 0.88. 

 
Self-Disclosure in AI-Assisted Counseling Scale 

Students’ willingness to disclose their thoughts, feelings, and personal problems in AI-assisted 
counseling was measured using a 7-item scale. The items emphasized aspects of comfort, openness, 
hesitation, and perceived emotional risk when sharing personal concerns through AI-based 
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counseling systems. Example items included: “I feel comfortable sharing personal concerns through 
an AI-assisted counseling platform” and “I am willing to discuss emotional difficulties through AI-
assisted counseling services.” Responses were recorded using the same 5-point Likert scale. 
Negatively worded items were reverse-scored prior to analysis. Higher scores indicated greater self-
disclosure. The scale demonstrated good reliability, with a Cronbach’s alpha of 0.86. 
 
Therapeutic Alliance in AI-Assisted Counseling Scale 

Students’ perceptions of therapeutic alliance were measured using a 9-item scale adapted to 
fit the context of AI-assisted counseling. This scale assessed perceptions of collaboration, emotional 
support, shared engagement, and alignment of tasks and goals in counseling interactions involving 
AI. Example items included: “AI-assisted counseling can help me feel understood during the early 
stages of help-seeking” and “I feel that AI-assisted counseling can support a meaningful helping 
relationship when used appropriately.” All items were rated on a 5-point Likert scale. Higher scores 
reflected more positive perceptions of therapeutic alliance in AI-assisted counseling. In this study, 
the scale demonstrated strong internal consistency, with a Cronbach’s alpha of 0.90. Before being 
used in the main data collection, all instruments were reviewed by three experts in counseling, 
educational psychology, and digital mental health to ensure content relevance and clarity of 
wording. In addition, a pilot test involving 92 students from a university not included in the main 
sample was conducted to refine item wording, improve readability, and assess initial reliability. 

 
Table 3. Structure of the Research Instruments 
Variable Number of Items Indicators Scale Cronbach’s 

Alpha 
Trust in AI-Assisted 
Counseling 

8 Reliability, confidence, 
psychological safety 

Likert 1–5 0.88 

Self-Disclosure in AI-
Assisted Counseling 

7 Openness, comfort, 
willingness to share 

Likert 1–5 0.86 

Therapeutic Alliance 
in AI-Assisted 
Counseling 

9 Support, collaboration, 
feeling understood 

Likert 1–5 0.90 

Total 24 
   

Source: Developed by the authors based on the study instrument design and pilot testing results. 

 
Procedure 

Data were collected between August and October 2025. After obtaining institutional 
permission from the participating universities, the researchers coordinated with lecturers, program 
administrators, student organizations, and academic staff to distribute the questionnaires to eligible 
students. The questionnaires were administered both online and offline to increase participation 
coverage. The online version was distributed through institutional communication channels such as 
academic email, class groups, and student organization networks. Offline data collection was 
conducted with the assistance of research assistants who visited selected classes and student 
activity centers to invite students to participate. 

Before completing the questionnaire, all participants were given an informed consent form 
explaining the purpose of the study, the voluntary nature of participation, the protection of 
confidentiality, and their right to withdraw at any time without penalty. Participants who agreed to 
participate then proceeded to complete the questionnaire, which took approximately 15–30 
minutes. To ensure data quality, several screening procedures were applied. First, incomplete 
responses were automatically flagged. Second, uniform response patterns across all items were 
examined to identify careless responding. Third, excessively short completion times that indicated 
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insufficient attention were also reviewed. Only data meeting the quality standards were included in 
the final analysis. 

 
Data Analysis 

The data were analyzed using IBM SPSS Statistics. The analysis was conducted in several 
stages. First, descriptive statistics were used to describe participants’ demographic characteristics 
and the general tendency of the three main study variables. These analyses included means, 
standard deviations, frequencies, and percentages. Second, the psychometric quality of the 
instruments was assessed through item-total correlations, Cronbach’s alpha coefficients, and inter-
construct correlations. In addition, statistical assumptions such as normality, linearity, and 
multicollinearity were examined before conducting inferential analyses. 

Third, Pearson correlation analysis was used to examine the relationships among trust, self-
disclosure, and therapeutic alliance. Fourth, multiple regression analysis was conducted to 
determine the predictive role of trust and self-disclosure in students’ perceptions of therapeutic 
alliance in AI-assisted counseling. Additional analyses, including independent-samples t-tests and 
one-way ANOVA, were also used to explore differences based on gender, year of study, and 
experience using AI when necessary. The level of statistical significance was set at p < 0.05. In 
addition to statistical significance, effect sizes were also considered to provide more substantively 
meaningful interpretations. 

 
Table 4. Data Analysis Framework 
Research Objective Variables Analysis Technique 

To Describe Students’ Trust, Self-
Disclosure, and Therapeutic Alliance 

All main variables Descriptive statistics 

To Test the Internal Consistency of the 
Instruments 

All instrument scales Cronbach’s alpha, item-
total correlation 

To Examine Relationships Among the 
Main Variables 

Trust, Self-Disclosure, 
Therapeutic Alliance 

Pearson correlation 

To Test the Effect of Trust and Self-
Disclosure on Therapeutic Alliance 

Trust and Self-Disclosure → 
Therapeutic Alliance 

Multiple regression 

To Examine Differences Based on 
Gender, Year of Study, and AI Use 

Demographic variables and 
main variables 

t-test, ANOVA 

Source: Developed by the authors based on the research objectives and statistical analysis plan. 

 
Ethical Considerations 

This study was conducted in accordance with ethical principles for research involving human 
participants (Association, 2025). Ethical approval was obtained from the Research Ethics Committee 
of Universitas Islam Negeri Raden Fatah Palembang under approval number B-
501/Un.09/V.1/KS.02/03/2026. The study was carried out based on the principles of voluntary 
participation, confidentiality, anonymity, and respect for participant autonomy. 

Before participating, students were provided with sufficient information regarding the 
purpose of the study, the duration of completion, data protection procedures, and their right to 
withdraw at any time without consequence. No directly identifying personal information was 
collected in the final dataset. All data were stored securely and were accessible only to the research 
team. Because the topic of the study involved perceptions of counseling and emotional disclosure, 
participants were also informed that the questionnaire did not constitute a psychological 
intervention or formal counseling service. Information about student counseling services was made 
available in case participation caused discomfort or prompted the need for further assistance. 
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Figure 1. Research Methods Framework for AI-Assisted Counseling 

 
RESULTS AND DISCUSSION 
Results 

A total of 1,284 valid responses were analyzed to describe students’ trust in AI-assisted 
counseling, self-disclosure in the context of AI-assisted counseling, and perceptions of therapeutic 
alliance. Overall, the findings indicate that students tended to hold moderately positive attitudes 
toward the use of AI in counseling, although variation remained across the three variables 
(Almaskari et al., 2025). 
 
Students’ Trust in AI-Assisted Counseling 

Descriptive analysis showed that students’ level of trust in AI-assisted counseling fell within 
the moderately high category. The mean trust score was 3.68 (SD = 0.64), indicating that most 
students viewed AI as a potentially useful initial means of supporting the counseling process (Hawke 
et al., 2025; Li, Lei, et al., 2023) 
 
Self-Disclosure in the Context of AI-Assisted Counseling 

Compared with trust, students’ self-disclosure in AI-assisted counseling showed a more 
moderate mean score of 3.39 (SD = 0.71). This indicates that students tended to be fairly open, yet 
still remained cautious when revealing personal problems, emotional experiences, or psychological 
vulnerabilities through AI-mediated systems (Wang et al., 2017). 
 
Therapeutic Alliance in AI-Assisted Counseling 

Students’ perceptions of therapeutic alliance in AI-assisted counseling were moderately 
positive, with a mean score of 3.57 (SD = 0.62). These results indicate that students are beginning 
to accept the possibility of forming a meaningful helping relationship in services involving AI, 
particularly in the early stages of (Alqurashi, 2025; Amin et al., 2024). 
 

 
 
 
 



Noviza, N. (2026). When AI Joins the Counseling Room… 
 

Bulletin of Counseling and Psychotherapy | Vol 8, No 2 | 8 

 

 

Table 5. Descriptive Statistics of the Study Variables 
Variable n Min Max Mean SD General Category 

Trust in AI-Assisted Counseling 1,284 1.63 5.00 3.68 0.64 Moderately high 
Self-Disclosure in AI-Assisted 
Counseling 

1,284 1.29 5.00 3.39 0.71 Moderate to 
moderately high 

Therapeutic Alliance in AI-Assisted 
Counseling 

1,284 1.56 5.00 3.57 0.62 Moderately high 

Source: Authors’ own calculations based on survey data analyzed using IBM SPSS Statistics. 

 
To provide a more detailed picture, indicator-level analysis showed that the highest score on 

the trust variable appeared in the aspect of accessibility and rapid response, whereas the lowest 
score appeared in confidence in AI’s emotional sensitivity. For the self-disclosure variable, students 
tended to be more willing to discuss academic problems and mild stress than highly personal or 
traumatic issues. For the therapeutic alliance variable, the highest score was found in initial support 
and conversational structure, whereas the lowest score appeared in feeling deeply understood 
(Almaskari et al., 2025). 
 
Table 6. Mean Scores by Main Indicators 

Variable Indicator Mean SD 
Trust Response reliability 3.74 0.69 

Accessibility and ease of use 3.88 0.66 
Psychological safety 3.61 0.72 
Sensitivity to emotional conditions 3.49 0.75 

Self-Disclosure Willingness to share academic problems 3.65 0.73 
Willingness to share mild stress and anxiety 3.52 0.76 
Willingness to share deeply personal 
problems 

3.18 0.81 

Comfort in expressing emotions 3.23 0.78 
Therapeutic Alliance Initial support 3.71 0.67 

Clarity of goals and direction of help 3.63 0.65 
Feeling understood 3.41 0.73 
Connectedness in the helping relationship 3.52 0.69 

Source: Authors’ own calculations based on indicator-level analysis of the study variables. 

 
Relationships Among Trust, Self-Disclosure, and Therapeutic Alliance 

Pearson correlation analysis showed that all main variables were positively and significantly 
related. Trust in AI-assisted counseling was positively correlated with self-disclosure (r = 0.58, p < 
0.001) and therapeutic alliance (r = 0.72, p < 0.001). Self-disclosure was also positively correlated 
with therapeutic alliance (r = 0.64, p < 0.001). 

 
Table 7. Correlations Among the Main Variables 
Variable 1 2 3 

Trust in AI-Assisted Counseling 1 
  

Self-Disclosure in AI-Assisted Counseling 0.58*** 1 
 

Therapeutic Alliance in AI-Assisted Counseling 0.72*** 0.64*** 1 
Source: Authors’ own calculations based on Pearson correlation analysis of the survey data. 

 
To further examine the contribution of trust and self-disclosure to therapeutic alliance, a 

multiple regression analysis was conducted. The results showed that the regression model was 
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significant overall, F(2, 1281) = 885.42, p < 0.001, with R = 0.76 and R² = 0.58. This indicates that 
trust and self-disclosure jointly explained 58% of the variance in therapeutic alliance in AI-assisted 
counseling. Partially, trust made a stronger predictive contribution (β = 0.53, p < 0.001) than self-
disclosure (β = 0.33, p < 0.001). 

 
Table 8. Multiple Regression Results Predicting Therapeutic Alliance 
Predictor B SE B Beta t p 

Constant 0.74 0.09 — 8.22 <0.001 
Trust in AI-Assisted Counseling 0.49 0.02 0.53 21.84 <0.001 
Self-Disclosure in AI-Assisted Counseling 0.29 0.02 0.33 13.78 <0.001 

Model summary: R = 0.76; R² = 0.58; Adjusted R² = 0.58; F(2, 1281) = 885.42; p < 0.001 
Source: Authors’ own calculations based on multiple regression analysis of the survey data. 

 
As an additional analysis, students who had previous experience using AI applications showed 

higher mean scores on trust, self-disclosure, and therapeutic alliance than students with no or only 
limited experience (Peng & Wan, 2025; Tong et al., 2022). 
 
Table 9. Differences in Scores by Experience Using AI 

Variables Used AI Before (N = 
1,109) Mean ± SD 

No/Limited Experience 
(N = 175) Mean ± SD 

t p 

Trust in AI-Assisted 
Counseling 

3.74 ± 0.61 3.29 ± 0.72 8.41 <0.001 

Self-Disclosure in AI-
Assisted Counseling 

3.44 ± 0.69 3.08 ± 0.77 6.31 <0.001 

Therapeutic Alliance in AI-
Assisted Counseling 

3.62 ± 0.59 3.21 ± 0.70 7.48 <0.001 

Source: Authors’ own calculations based on t-test analysis of the survey data by prior experience using AI. 

 
Discussion 

The findings of this study show that trust, self-disclosure, and therapeutic alliance are 
positively interconnected in the context of AI-assisted counseling among university students. 
Students generally reported moderately positive levels across the three variables, suggesting that 
AI-assisted counseling is beginning to be accepted as a meaningful early support option rather than 
merely a technical tool. Among the three variables, trust showed the highest mean score and 
emerged as the strongest predictor of therapeutic alliance. This pattern suggests that students’ 
willingness to view AI as part of a helping relationship depends first on whether they perceive the 
system as reliable, safe, and responsive. In other words, before students can feel supported by AI in 
a counseling context, they must first believe that the system is worthy of confidence (Amin et al., 
2024; Nazir, 2026). 

The findings also show that self-disclosure remains more restrained than trust. Although 
students may perceive AI-assisted counseling as accessible and nonjudgmental, they still appear 
cautious when sharing deeply personal concerns. This is an important point because openness in 
counseling depends not only on convenience, but also on emotional safety, perceived 
understanding, and confidence that sensitive disclosures will be handled appropriately (Buğa et al., 
2025; Wang et al., 2017). The lower score on feeling deeply understood also supports this 
interpretation. Students may accept AI as helpful in the early stages of help-seeking (Adams et al., 
2024), but they do not yet appear to regard it as fully capable of reproducing the depth of human 
understanding typically associated with counseling relationships (Richardson, 2012). 
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The strong association between trust and therapeutic alliance reinforces the view that 
relational acceptance is central to the use of AI in counseling. In this study, students were more 
likely to report a positive sense of alliance when they trusted the AI system. This suggests that 
therapeutic alliance in AI-assisted settings may be built less through emotional reciprocity in the 
traditional human sense and more through perceptions of consistency, responsiveness, clarity, and 
psychological safety. Even so, the findings do not support the idea that AI can replace human 
counselors. Rather, they suggest that AI may function most effectively as an entry-level support 
resource within a broader helping system (Amin et al., 2024; Barzkar et al., 2025; Nazir, 2026). 
 
Implications 

These findings suggest that AI-assisted counseling may be most useful in higher education as 
an initial support tool for screening, psychoeducation, emotional reflection, and early help-seeking, 
especially in campuses with limited counseling resources (Chen, 2024). However, because students’ 
self-disclosure remains more moderate than their trust, AI should be positioned not as a substitute 
for human counselors but as a transitional and complementary resource within a blended 
counseling model (Amin et al., 2024; Chen, 2024). To strengthen its acceptance, the design and 
implementation of AI-assisted counseling should prioritize transparency, ethical safeguards, data 
security, response sensitivity, and clear communication about the limits of AI (Nazir, 2026), while 
also improving students’ digital psychological literacy so they can better understand when AI is 
helpful and when human counseling is still necessary (Li et al., 2026; Ni & Cao, 2025). More broadly, 
these findings support a blended counseling model that combines AI-based initial support with more 
in-depth human counseling interventions (Almogren et al., 2024; Li et al., 2026). 
 
Limitations 

This study has several limitations that should be considered when interpreting the findings. 
First, the cross-sectional design does not allow for definitive causal conclusions regarding the 
relationships among trust, self-disclosure, and therapeutic alliance. Second, the data were collected 
through participants’ self-reports, which may be subject to perceptual bias, social desirability bias, 
or a tendency to provide normative responses. Third, although the sample was relatively large and 
involved multiple universities across Indonesia, the representation of each region and type of higher 
education institution was not fully balanced. Fourth, this study measured students’ perceptions of 
AI-assisted counseling rather than actual clinical experiences in fully implemented and sustained AI-
based counseling sessions. Therefore, the findings are more appropriately understood as reflecting 
an initial pattern of psychological acceptance of AI integration in counseling services, rather than as 
conclusive evidence of AI’s therapeutic effectiveness. Fifth, the study did not distinguish in detail 
among the types of AI platforms imagined or used by participants, even though differences in 
interface, response quality, and context of use may substantially influence perceptions of trust, 
disclosure, and therapeutic alliance. Future studies are recommended to employ longitudinal, 
experimental, or mixed-methods designs to better explain the dynamics of therapeutic relationships 
in real-world AI use contexts. 

 
CONCLUSION 

This study demonstrates that students’ trust, self-disclosure, and therapeutic alliance are 
positively interconnected in the context of AI-assisted counseling. Trust emerged as the strongest 
predictor of therapeutic alliance, while self-disclosure also contributed significantly to students’ 
perceptions of a meaningful helping relationship. These findings indicate that the relational quality 
of AI-assisted counseling depends not only on technological efficiency, but also on whether students 
perceive the system as safe, reliable, and supportive enough to encourage openness. For counseling 
practice, AI-assisted counseling may function best as an initial support tool that facilitates help-
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seeking, emotional reflection, and early engagement before deeper interaction with a human 
counselor. Rather than replacing human counselors, AI should be positioned as a complementary 
resource within blended counseling models. Future research should examine these dynamics 
longitudinally and explore how different AI platforms shape trust, disclosure, and therapeutic 
alliance over time. 
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